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“Al control problems and the responsibility gap in the industry as a social issue”
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Abstract:

Investment in Al industry has increasingly emphasized the computational infrastructure layer within the Al

technology stack as a consequence of pursuing intelligence through computation, thereby minimizing human intervention.
This trend has been further reinforced by the statistical and probabilistic nature of deep learning and the development of
general-purpose Al systems. However, these investments and developments are now seen as potentially conflicting with
principles of engineering ethics, such as reproducibility, non-maleficence, and accountability. Therefore, redesign the role
of human intervention is going to be needed in order to reduce the risks posed by the control problems of Al systems and

the responsibility gaps emerged across the industry.
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